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Big Data Processing Frameworks
Whatareyouroptions?
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Batch Processing
a+x2f dzySa

A Costeffective& Efficient
A Easyto reasonabout operatingon completedata

But:
A Highlatency jobsperiodic(e.g.duringnighttimes)
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Persistence Batch Serving L
(e.g. HDFS) (e.g.MapReduck (e.g.HBas$ Application
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Stream Processing
dvelocityx

A Low endto-end latency
A Challenges
A Longrunningjobs- no downtimeallowed
A Asynchronismdatamayarrivedelayedor out-of-order
A Incompleteinput - algorithmsoperateon partialdata
A More: fault-tolerance statemanagementguarantee X
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Streaming RealTime

(. KafkaRedi3  (e.g. Storm) o VN9 Application
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